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Abstract — Employing Natural Language Processing (NLP) in media and other information platforms has gained much
importance lately due to its ability to pull viewers. The NLP tools enhance the host’s content delivery skills and viewer action.
This study generally focuses on studying the impact of NLP on enhancing host ability, focusing on Legal TV Programme (L-
TV-P) delivery. The study used a mixed-model methodology directed at English-speaking L-TV-P and included participants
from North America and Europe for 18 months. The pre-NLP and post-NLP integration analysis methods review existing
hosting systems and viewers' action levels through the pre-implementation study. The NLP tools are included in the
programme's hosting through training hosts and making pilot episodes. The analysis deployed systematic metrics to analyse
the impact of NLP in developing the host's ability through a series of reviews. The results of these analyses and the review data
analysis suggest essential awareness of the effectiveness of NLP in L-TV-P hosting and show how it can significantly enhance
public learning and communication in niche broadcasting areas.
Keywords - Natural Language Processing, Opinion Analysis, Statistical Analysis, Host Ability, Performance Enhancement,
Machine Learning

I. INTRODUCTION
Legal Television Programmes (L-TV-P) are necessary for broadcast media production because they fulfil two tasks: they
interest viewers and teach them about complex legal rules. The host's skill is an important factor in these programmes'
effectiveness. A competent host deftly breaks down legal solutions so that many viewers can recognise them. The show's fame
is primarily due to its ability to hold viewers' interest, explain legal ideas, and facilitate sensible discussions. This becomes
much more important at a time when familiar people are more interested in legal problems. The increase in public domain
knowledge and grasp of legal involvedness developed from the conventional media's considerable exposure to a high-profile
court of law cases and legal arguments is primarily to blame for this point in attention.

L-TV-P hosts play a fundamental role in the programme's legal matters, improving its impact and influence. Their proficient
use of legal terms, highlighting diverse perceptions, and engaging the viewers augment the show's appeal and raise legal
awareness. Investing in the qualified progression of L-TV-P has advantages for the programme and the larger community. TV
hosting is transforming due to Natural Language Processing (NLP) technology, specifically in exhibits that report legal topics.
These innovative technologies reinforce escalated viewers’ actions, quick intelligence, and the generalisation of legal
terminology. NLP tools significantly improve content creation and delivery, increasing viewer availability and engagement.
As aresult, NLP technology is changing how TV hosts create and deliver their content, adding to viewers' sense of relatability
and impact.

These findings explore using NLP in L-TV-P hosting to enhance host functioning and viewer action. The study takes a
methodical approach, primarily analsing viewers’ actions and existing hosting methods. The execution phase includes forming
preliminary episodes and participating in NLP technologies. The final post-implementation analysis phase includes follow-up
discussions, comparative data analysis, and viewers' responses to assess how well NLP technology is succeeding. This
multimodal methodology uses qualitative and quantitative techniques to explain how NLP technology could enhance L-TV-P
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hosting and viewer action.

The rest of the paper is organised as follows: Section 2 presents the background studies; Section 3 presents the
research methodology; Section 4 presents the data aggregation methods; Section 5 presents the assessment of the
research work; and Section 6 concludes the work.

II. LITERATURE REVIEW

Considerable progress has been made in the field of NLP, especially in the domain of style transfer. The main goal
of [1] is to create a background for style transfer, specifically for the TV show "Friends," so that they can teach
models to talk like the 6 main characters in English and Russian. By adding a conversation dataset of "Friends"
subtitles and comparing style transfer in two languages, this work shows how flexible and valuable NLP can be in
media. [2] analysed how popular reality TV programmes are getting and how TV Rating Points (TRP) are used to
measure how well a show is doing. A Convolutional Neural Network (CNN)-text classification algorithm is used
in their prediction model to look at the success of famous shows by combining episode reviews and IMDDb scores.
So that broadcasters and marketers can make smart approaches, this method points out the most valuable factors
that make a show popular, like the number of viewers, nominees, and awards. [3] presented FriendsQA, a set of
complex questions and answers collected from "Friends" discussions.

This collection, which has 1,222 chats and 10,610 questions, tries to help computers understand natural language
discussions better. The fact that 81.82% of the people who explained the information agreed with each other shows
how reliable it is. Modern QA systems like R-Net, Question Answering Network (QANet), and Bidirectional
Encoder Representations from Transformers (BERT) studies show how the dataset can help researchers learn more
about recognizing multiparty chat. [4-5] examined the Voice User Interfaces (VUIs) field and how NLP has shaped them.
They discussed different techniques to increase users in order to get a range of NLP answers, which is a fundamental part of
training VUIs. They used show frames and pictograms as visual aids, and their method worked well to produce many relevant
words, mainly when users were already associated with the subject matter. Due to the ever-changing nature of media
productivity, [6—8] discusses how Chinese TV news show hosts are also changing. They find problems like unclear job
descriptions and low engagement with adapted content by discussing it with qualified TV hosts and directors. They advised
that making business evaluation criteria and incentive systems is one way to improve TV news programmes' universal rating
and integration.

III. PROPOSED METHODOLOGY

Mixed-Methods Research Approach (MMRA)
An MMRA is used in this study, meaning that quantitative and qualitative methods are used. The selected approach helps to
understand what happens when NLP technology is used on L-TV-P hosts [9-10]. This approach provides the following benefits:
(a) complementarity, (b) triangulation, (c) flexibility, and (d) holistic perspective.

The 18-month study examined how NLP technology affected L-TV-P, who spoke English in North America and Europe.
The participants were carefully chosen to offer a thorough comprehension of the topic matter, guaranteeing a prolonged
performance of the subject matter. The participants include (a) program hosts (20 hosts), (b) production team members (15
Members), and (c) viewers (700 chosen,).
Selection of TV Programs
The study looks at the impact of NLP on L-TV-P hosting by picking five shows based on viewership, time windows, TRP rates,
and content types. It also looks at how NLP is integrated across distinct types of Programmes and viewers (Table 1).

Table 1. Key Specifics of Each Program
Time TRP

Program Name Type Slot Rate Key Features Region
The Lens Investigative News 8 PM ~2.5 In-depth analysm, expert guests, North
EST interactive segments America
Justice in Focus Debate Show 10 PM >2.0 Debates on legal topics, live polls, Europe
CET expert panels
. 3 PM Quick legal news updates, accessible
Law Today Daily News GMT 1.8 information Europe
Rights and Documentary Series 9 PM 99 Historical and ongoing case studies, North
Wrongs Y EST ) documentary style America
Legal Drama and 7 PM . .
The Courtroom Analysis CET ~1.9 Dramatized court cases, expert analysis Europe
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Description of Research Phases
The study aimed to investigate integrating NLP technology into L-TV-P hosting in three distinct phases (Fig 1). The objective
of the first phase, which spanned 4 months, was to conduct preliminary research and verify an initial knowledge of existing
hosting approaches and levels of viewer engagement. In-depth debates with television anchors, the scrutiny of regular viewers,
and an analysis of previous events were conducted to identify hosting samples and possible NLP augmentation areas [11-13].
The objective of Phase 2 was to incorporate NLP technologies into developing programmes and host training. Workshops,
integration into the production process, and pilot episodes utilising NLP-integrated hosting methodologies were all components
of this initiative. A post-implementation evaluation of 6 months comprised Phase 3, which determined the effect of NLP
technology on viewers' posts and host performance. The above events comprised the following talks, viewers' input, and a
judgement with baseline data obtained in Phase 1. Table 2 illustrates each of the phases.

Phase 1: Phase 2: Phase 3:
Lrlmiay Implementation Imy lefnlf:tatmn
Analysis (8 months) }:\ml
(4 months) Ll
(4 months)
=
« Establish baseline * Integrate NLP to o NLP impact analysis
o In-depth interviews framning + Post implementation
* Survey and Analysis * Workshops o
« Pilot Episodes o Audience Feedback

Fig 1. Research Phases

Table 2. Research Phases

Phase Description Objectives Key Activities Duration
- Create a baseh.ne of Identify existing hosting Host interviews, viewer
Phase 1: Preliminary current hosting . .
. . styles and gauge current studies, and content analysis 4 months
Analysis methods, and viewers ) . .
post viewers' visit levels of past episodes
Phase 2: Integrate NLP into Train hosts and staff in NLP training workshops,

host training and technology integration in

Implementation of NLP use and embed NLP . . . 8 months
NLP Technologies programme technologies in production production, pilot episodes
development. with NLP integration
Phase 3: Post- Assess changes in host Evaluate t.he effegtlveness Host performance studies,
. of NLP integration and . . .
Implementation performance and . viewers' opinion pool, virtual 6 months
. . . measure changes in L
Analysis viewers' action analysis with Phase 1 data

viewers' action

IV. DATA COLLECTION METHODS

Viewers Discussion Methodology

The research collected perspectives on the effects of NLP technology from L-TV-P hosts, producers, and technical personnel
through semi-structured interviews. Twenty presenters, fifteen producers, and technical personnel contributed to the
discussions. The presenters were questioned regarding their encounters with NLP technology, alterations in their hosting
method, and the viewers’ responses. Creators and technical personnel delivered insights regarding the production process,
complications, and advantages of incorporating NLP technology [14-15]. Table 3 presents the description of the analysis
process.

Viewers Metrics
The study used viewers' judgements to evaluate fulfilment and action levels before and after implementing NLP technologies
in L-TV-P. Two reviews were conducted before and after the NLP implementation.

Pre-Implementation Analysis

A pre-implementation analysis measured viewers’ actions and satisfaction with L-TV-P. It has 15 questions with a mix of
qualitative and quantitative content. Respondents had 10 to 15 minutes to finish the online poll, which was disseminated by
email and social media. In order to obtain a type of viewpoint on the selected L-TV-P, the analysis had both closed-ended and
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open-ended questions, providing a thorough knowledge of the viewer's involvement.

Post-Implementation Analysis

The post-implementation analysis was a comprehensive questionnaire designed to assess the effect of these technical advances
on viewers' actions and satisfaction. It was conducted following the integration of NLP technology into L-TV-P. The analysis
was explicitly designed to assess how well NLP works to improve the precision of lawful debates, how it affects viewer fighting,
how it improves viewing involvement, and collecting responses for future improvements.

Table 3. Nature of Analysis

Analysis Type Scope Target Participant Example Questions
To understand the "How has NLP technology
Experience with NLP adaptation to and impact Hosts changed your approach to
of NLP technology hosting?"
. "Have you noticed a difference
. . To measure perceptions of L . .
Viewers Interaction . . Hosts in viewers' response or action
viewers' action changes . . N
since using NLP?
To record subicctive "What personal benefits or
Personal Insights . Hosts difficulties have you encountered

feelings and challenges

with NLP integration?"

Implementation To explore the steps and

Producers/Technical Team

"Can you describe the method of

Process chal}enges in NLP Member integrating NLP tec.hno}'ogy into
integration the production?
. To find technical obstacles ~ Producers/Technical Team What were the maj or technical
Technical Challenges . challenges faced during NLP
and solutions Member A . om
integration?
"How has NLP technology

To understand changes in

Production Changes production dynamics

Producers/Technical Team
Member

altered the programme's
production process?"

Reliability and Validity Analysis of the Metrics with Values
Reliability Analysis

e Pilot Test: 30 intended viewers and followers participated in the first pilot test. This phase was necessary for locating
any questions that were confusing or ambiguous.
Cronbach's Alpha: Cronbach's alpha was used to test the opinion poll's internal reliability. The investigation's
Cronbach's alpha rating of 0.82 indicates a high degree of internal consistency among the questions, exceeding the
acceptable threshold of 0.7, and is therefore judged outstanding.
Test-Retest Reliability: The same set of 30 individuals received the questionnaire twice, separated by 14 days. Test-
retest reliability was determined to have a correlation coefficient of 0.89, indicating high response stability across
time.
The key metrics used in the analysis are detailed in Table 4, providing a clear overview of the results.

Table 4. Reliability and Validity Analysis

Analysis Type Value
Pilot Test Participants 30
Cronbach's Alpha Value 0.82
Test-Retest Reliability Coefficient 0.89
CVIl 0.93
Minimum Factor Loading for Construct 0.6
Validity

Criterion Validity Correlation Coefficient 0.76

Validity Analysis with Values
e Content Validity: The questionnaire was estimated by a panel of five legal broadcasting experts, who found it relevant

and adequately covered the research ideas. Consequently, the questionnaire received a Content Validity Index (CIV)
0.93.
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o Construct Validity: To validate the ideas of viewer pleasure, visit, and information transparency, factor analysis was
done. All item factor loadings exceeded 0.6, indicating that the questions aligned with the desired understandings.

e Criterion Validity: Data on viewers' ratings from remote sources was connected with the poll results. The significant
positive correlation that the correlation coefficient of 0.76 indicated confirmed the measures' effectiveness in assessing
the desired variables.

Description of NLP Technologies Used

Table 5 presents the list of NLP tools and their use in enhancing the host's abilities. The NLP tools are integrated into the
programme during distinct stages of content creation. The tools focused on Speech Recognition (SR), Sentiment Analysis (SA),
Text-To-Speech (TTS) analysis, and chatbot help in host content delivery.

Table 5. Integration of NLP Technologies in L-TV-P

NLP Technology Details of Integration and Use
SR Dragon NaturallySpeaking: Trained with a legal dictionary, adapts to
voice patterns, used in rehearsals and live sessions for accuracy in legal
language.
SA IBM Watson Tone Analyzer: Analyzes social media and feedback for

real-time SA and adjusts content to viewers' attitudes.
TTS and Real-Time  Google Cloud Services: TTS for accessibility, RTT for multilingual
Translation (RTT) support during live broadcasts.
Chatbots and Virtual Dialogflow: Al-powered chatbots for 24/7 assistance and interactive
Assistants viewer action during live broadcasts.

V. EVALUATION OF THE RESEARCH
The object of the logical results shown in Fig 2 is to evaluate how NLP integration affects L-TV-P. The 700 review respondents'
responses shed light on how the advent of NLP technologies has affected several areas of viewer practice, including general
fulfillment, engagement with content, the comprehensibility of legal evidence, and hosting options.

Survey Categories Analysis Pre and Pest NLP Integration with Range Comparison

= e R
= SUHLP Range ~ 40
—
=
-

3s

w

N

-20

Scores and Standand Deviations

15

Ousrall Sel sl ion Frigge germet wilh Conlent Clarily of Legat Infarmelie Tlealing Slylss

Fig 2. Analysis of Pre-NLP and Post-NLP Integration

After NLP integration, there was a discernible improvement in overall satisfaction, as the mean score increased from 3.8 to 4.2.
This implies that NLP technologies improved viewers' overall enjoyment of the viewings. The marginally lower standard
deviation (o) (from 0.9 to 0.8) post-NLP also shows that viewers' fulfillment level remains consistent. The increase in the mean
score from 3.5 to 3.9 indicates an improvement in action levels. The median and mode shifted from 3 to 4 after NLP emphasized
increased involvement. Post-NLP, the range increased from 4 to 2, and the ¢ dropped to 0.7 from 1.0, advising a more constant
viewer level of actions.

Post-NLP, the programmes' legal data was presented with greater clarity; the mean score went from 3.7 to 4.1. This implies
that NLP technology has successfully improved the average viewer's comprehension of legal discussions. The unchanged
median and mode at 4 both before and after NLP and a decrease in the ¢ (from 0.8 to 0.6) and range (from 3 to 2) demonstrate
a robust and more coherent agreement on the clarity of information following NLP integration. The hosting styles category had
the most meaningful change, with the mean score rising from 4.0 to 4.3. The mode's rise from 4 to 5 points to a particular
respect for how NLP technology has enabled changes in hosting approaches. The narrowest range (1) and the smallest o post-
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NLP (0.5) indicate that respondents strongly agree with the appeal of hosting methods following NLP integration. In
conclusion, using NLP technologies in L-TV-P has improved viewer relaxation, post transparency, information transparency,
and judgement of hosting styles. The data indicates a steady rise in favourable viewer responses following the presence of NLP,
indicating how well these technologies improve viewing knowledge.

The analysis used t-tests to compare pre-and post-implementation data, focusing on viewers' action and happiness levels
before and after NLP technology amalgamation, as shown in Fig 3.

Comparison of Survey Metrics Pre and Post NLP Integration P=0.0004
#=0 0001 feneuy

- rre-NLF Mbin P=3.0002 —— Talue a5

o P Pe0JaT S es
44

-43

-4

9

Mean Scores
Talue

-a0

39

-38

Querall Satisfaction Engagement with Content Clarity of Legal Information Hosting Styles

Fig 3. Study Metric Comparison

Viewer fulfillment was impacted by the integration of NLP technology, which resulted in a considerable improvement in
overall enjoyment levels from 3.6 to 4.2 post-integration. Additionally, increased engagement with the content from 3.4 to 4.0
indicated a noticeable improvement in viewer interest in the program content. These results imply that viewers’ actions and
pleasure with content are clearly and significantly impacted by NLP technologies.

With a mean score of 4.1, NLP technology notably enhanced the clarity of legal material, suggesting that the viewers found
the legal material delivered in the programmes more accurate and comprehensible. Finally, there was a positive trend in the
hosting methods. A t-value of 3.9 and a p-value of 0.0004 indicate that the mean score increased from 3.7 pre-NLP to 4.3 post-
NLP (Fig 4). This shows that the viewer's view of the hosting approaches was positively changed by including NLP
technologies, making them perform more effectively and engagingly.

Correlation of NLP Tools with Host Performance and Audience Engagement

— =
0.8 mmm Correlation with Audience Engagement Increase

Correlation Values
o ° o
"

o
N

o
b

o
]

virtual
Assistants

Fig 4. Correlation of NLP tools with Host performance

The Fig 4 correlation analysis offers valuable information about how different NLP techniques affect enhanced viewer
action host performance. Correlation coefficients are used to express the values, which range from -1 to +1. Values that are
closer to +1 indicate a more significant positive link. The development of host performance is significantly positively correlated
(0.75) with advanced SR. This strong network suggests that the tool is a valuable resource for helping hosts comprehend and
articulate legal terminology, improving their overall performance. Even though the correlation with viewers’ actions is
marginally lower at 0.65, it still shows a favourable impact because of the host's more accurate and reliable communication.

SA reveals a significantly greater connection of 0.80 with increasing viewer involvement and a somewhat lower correlation
of 0.60 with improved presenter performance. This implies that although it helps TV presenters modify content, its main
advantage is that it matches viewers' preferences and views with programme content, significantly increasing viewer action.
The TTS and RTT tools show a modest association (0.55) with viewer action and a substantial correlation (0.75) with host
performance. These tools remarkably boost the host's capacity for successful communication with different viewers. Because
the content is more accessible to acquire and comprehend, it catches the viewer’s attention. Finally, a balanced, encouraging
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link exists between host performance (0.68) and viewers' action (0.72) in chatbots and virtual assistants. This proves their
efficacy in presenting reactive and interactive communication, which helps presenters in real-time during shows and actively
implies viewers by providing immediate legal evidence and collaborating factors.

035 Statistical Analysis of Various Factors
e Ceefficient —— e
080§~ ciaMard Ciar Facterd: Favant of Spoach Recagmiton Infogratan -
Factica: Level of Sentim

Eactn-3: Degres of Tat-ta-Speach Imp ementation o
Facti+; Use of CTataots and VImual Adsistants
a5 Factees: requency of Aeal Tima Tarsiatan

030

025

0.70

Beta Coefficient and Standard Error

Fig 5. Regression Analysis

The regression analysis was trained to project how several NLP technology integration media will affect viewers' action
levels. Fig 5 presents the findings. Perceptive patterns emerge from the regression research on how NLP technology integration
affects viewers' actions. With a highly significant p-value (<0.001) and a beta coefficient of 0.35, the degree of SR integration
shows a robust positive link with the viewer’s action. This implies that viewer input rises in tandem with the programme's
increased integration of voice recognition technology, highlighting the technology's key role in improving viewing capability.
Similarly, the degree of SA use positively impacts viewers' actions, as shown by a beta coefficient of 0.25. Even though it is
less significant than SR, its p-value (0.001) demonstrates its significance.

With a p-value of 0.005 and a beta coefficient of 0.20, the level of TTS implementation points to a moderately beneficial
influence. This suggests that although TTS features increase user action, their impact is less significant than other NLP
technologies. Using chatbots and virtual assistants is another fundamental feature, with a beta of 0.30 and a p-value of less than
0.001. This exhibits how interactive features significantly impact viewers’ actions, indicating they are highly effective in
increasing viewer communication and action. Even with the lowest beta coefficient (0.15) and a p-value (0.062) just above the
usual significance threshold, the frequency of RTT still benefits the viewer’s action.

Nevertheless, compared to other aspects, its influence is more subtle and less definite. The integration of these NLP
technologies can be responsible for around 45% of the variance in viewers' actions, according to the cumulative R? value of
0.45 for all these elements. This noteworthy proportion shows how much NLP integration can do to improve viewers' actions,
but it also suggests that other views that are not in the model have an impact.

VI. CONCLUSION AND FUTURE WORK

This work attempted to analyse how far the NLP tools help assist the host's ability to deliver legal TV programmes, thereby
increasing viewer fulfilment and memory. The analysis was conducted in North America and Europe over 18 months. The pre-
NLP and post-NLP integration analysis methods assess existing hosting methods and viewers' action levels through the pre-
implementation analysis. The NLP tools are included in the programme's hosting through training hosts and producing pilot
episodes. The impact of NLP was evaluated using pre-NLP and post-NLP integration analysis, which was intended to capture
quantitative and qualitative components of viewer involvement. The results have proven that the viewers were favourable,
more interested, and better understood the legal information. The higher mean scores across different metrics showed that the
NLP had helped increase the host's efficiency.

Further, the lower range and o scores show that viewer satisfaction post-NLP integration was more consistent than the pre-
NLP experience. Through its extensive analysis, the study showed that incorporating NLP technology into L-TV-P hosting
enhances information delivery and meets viewers’ interests, resulting in a more informed and involved public.
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